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Abstract  
 

This paper provides some empirical evidence about the supposed vulnerability 
of immigrants to the recent economic downturn, by using longitudinal data from the 
Italian Labour Force Survey. Immigrant workers always show a higher probability of 
ending an ongoing employment spell when compared to their native colleagues. 
However,  their observable personal, household and job characteristics are more 
likely associated to higher separation rates, so that, when comparing similar workers,
differences between immigrants  and natives disappear, both  before  and  after   the 
downturn. 
The  impact  of  the  downturn is mostly related to observed  characteristics, not to the 
immigrant status itself, and it is markedly different by gender.  In 2009 transition 
rates  are increasing  for  all  male workers,  but  the  impact  is stronger for 
immigrants, mainly because their characteristics are more likely to be hit by the 
downturn. 
On the contrary, both groups of female workers show a slightly lower probability of 
losing a job in 2009, so that observed differences remain the same before and after the 
downturn. 
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1. Introduction 

 
During the last decades immigrants represented a growing share of labour forces in 

most developed countries. Even if a huge literature explores different aspects of the effects 
of immigration on labour markets, few analyses are dedicated to the relationship between 
migrations and the economic cycle. Nevertheless, this turns out to be an important issue 
after the 2008/09 downturn. 

According to the Migration Policy Institute (Papademetriou et al., 2009), the main 
questions about the impact of economic downturns on immigration and immigrants’ 
performance are the following:  
1) Does the economic cycle affect immigration flows? 
2) How will immigrants fare during the downturn? 
3) How does immigration’s impact on natives change during a recession? 

These questions represent the dynamic view of topics which have been recently 
analysed in literature before the advent of the downturn. In the following we briefly review 
the main literature about some of these aspects. 
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There is a quite huge literature about the impact of immigrants on natives and the 
whole labour market, with a strong boost at the beginning of this century (Card, 2001; 
Card and Di Nardo, 2000; Borjas, 2001). Ottaviano and Peri (2006) show that, even within 
age and education cells, immigrants and natives are not perfect substitutes, as is typically 
assumed in theoretical models. This finding is confirmed for different countries and with 
different methodologies by Manacorda et al. (2010), D’Amuri et al. (2010) and Card and 
Shleifer (2009). 

There is also an increasing literature about the condition of immigrants and their 
performance in the host labour market. Wheatley Price (2001) uses data from the UK 
Labour Force Survey to “show that there are interesting and important employment effects 
arising from immigrant characteristics”. Dustmann and Weiss (2007) show that not taking 
into account selective out-migration may take to misleading conclusions when estimating 
immigrants’ performances. Schmitt and Wadsworth (2007), controlling for age, region and 
education in repeated cross-section data, find in both USA and UK a clear process of 
assimilation, but immigrants never reach natives’ performances. 

Apparently in literature there is no use of panel data for dynamic analyses about the 
conditions of immigrants. One exception is the analysis of Husted et al. (2001) on 
employment and wage assimilation in Denmark, showing that immigrants assimilate only 
partially to Danes once controlling for different cohorts.  

There is less literature about the effect of downturns on immigrants. Dustmann et 
al. (2010) analyse data from past economic crises (from the 1970s to early 1990s) for UK 
and Germany1, in order to analyse differences in the cyclical pattern of employment and 
wages between immigrants and natives. Conditional on education, age and location, they 
find significantly larger unemployment responses to economic shocks for immigrants, but 
little evidence of differential wage responses. About the recent crisis there seems to be 
only descriptive evidence (OECD, 2010; Orrenius and Zavodny, 2009; Papademetriou et 
al., 2010), showing that immigrants are more hit by the downturn in terms of employment 
and unemployment rates. 

In this framework, this paper focuses on the second question among the three 
addressed at the beginning: “How will immigrants fare during the downturn?”. The goal is 
to understand whether it is true that immigrants are weaker than natives and are thus more 
suffering from the recent downturn. And if it is so, we aim to disentangle whether this is 
related to the fact itself of being immigrant or to specific characteristics that make 
immigrants different from natives. 

In October 2010 the Migration Policy Institute proposed a more specific analysis 
about the effects of the downturn on immigrant labour forces, with the following 
theoretical conclusions (Papademetriou et al., 2010, p.9): “Immigrants’ greater vulnerability 
to unemployment is typically attributed to a variety of interrelated factors:  

                                                           
1 They use LFS data for UK, administrative data for Germany. They compare their outcomes of interest over 
time, but these are always defined sectionally, so that they are never exploiting the longitudinal structure of 
available data. 
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� Immigrants disproportionately share the demographic characteristics of the groups most 
likely to lose jobs during economic downturns.  

� Immigrants are more likely to work in cyclical industries and occupations. 
� Immigrants are more likely to work as a contingent labor force.  
� ‘Last-hired, first-fired’ approaches tend to disadvantage immigrants.” 

In order to take into account these characteristics, our strategy is to match natives 
and immigrants by using propensity score techniques (Rosenbaum and Rubin, 1983), the 
basic idea being to “compare only comparable people” (Heckman et al., 1999, p. 1869). 
We are using the framework and the typical formalization of impact evaluation methods, 
even if it is clear that there is no “treatment” at play to be analysed.  

Using longitudinal data from the Italian Labour Force Survey, we exploit 
information about typical individual demographics, employment status (type of job and 
contract, sector, firm size, tenure), household characteristics (by age, education, 
employment status), some information about past working histories (previous working 
status, total working experience). The goal is to compare immigrants and natives in the 
Italian labour market with respect to their employment performances, in order to 
disentangle whether (i) immigrants have different characteristics when compared to 
natives; (ii) these characteristics are related to a different subsequent behaviour, as 
transitions among labour force states; (iii) there are still differences between immigrants 
and natives even when comparing workers with the same characteristics. 

The history of migration in Italy is similar to many Southern European countries 
and Ireland, former countries of emigration which has been only recently substituted by a 
strong immigration (see Del Boca and Venturini, 2005, for a historical review). At the 
beginning of 2010 resident immigrants in Italy where 4,279,000, with a 7.09% incidence 
over the whole Italian population, while the same figures in 2005 where 2,402,000 and 
4.11%. Thus, both in absolute and relative terms immigrants have almost doubled their 
presence in just 5 years.  

Few papers analyse the impact of immigration in the Italian labour market, mostly 
using administrative data. Overall, there is little or no evidence of an impact of 
immigration on natives, as an example about wages (Gavosto et al., 1999) or the 
probability of finding or losing a job (Venturini and Villosio, 2006). Faini et al. (2009) 
analyse the process of assimilation of foreign immigrants and compare them to native 
internal immigration. They find that the wage gap for foreign immigrants is about 20%, 
while immigrant natives have on average higher wages than local natives. Brucker et al. 
(2009) show that the share of foreign workers in an area discourages internal mobility: 
foreign workers may be complementary to local natives in the destination areas, but 
compete with potential native migrants from other areas of the country. 

In this framework, the structure of the paper is as follows: Section 2 presents the 
empirical strategy to address the main issue of interest. Section 3 presents available data 
and some descriptive statistics about employment status, transitions and observable 
characteristics. Sections 4 and 5 respectively describe the main results for the two adopted 
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strategies, matching and stratification by propensity score. Finally, Section 6 provides 
some conclusions. 
 
2. The empirical strategy 
 

A reduced form approach is used to address the issue of a different short-term 
labour market behaviour of immigrants when compared to natives in Italy. The final goal is 
to show whether these differences are changing with the economic downturn. 

We initially compare the two groups within a descriptive approach in order to look 
at “marginal” differences in some dynamic outcomes of interest. The basic idea is to 
compare these results with “conditional” ones, obtained by using a “control” group made 
of native workers with the same characteristics observed for immigrants. 

By using (only) the typical formalization of impact evaluation, we define “treated” 
and “untreated” workers on the basis of the immigrant status: 
 

  1    immigrants
  0   natives

I
�

= �
�

 

 
We use propensity score methods (Rosenbaum and Rubin, 1983) in order to 

estimate the behaviour of workers whose only (observable) difference is the native-
immigrant status. The propensity score is defined as the “probability” of being immigrant 
given some observed characteristics X: 

 
)|1Pr()( XIXe ==  

 
It is important to note that strategies based on the propensity score are carried out 

without having access to any outcome of interest Y. Only once the treatment and control 
groups of interest are balanced, the computation of mean outcomes becomes feasible. In 
the following we are using the propensity score estimates in two ways. 

� Matching: we only consider matched immigrant-native pairs who share the same (or a 
very close) propensity score. Thus, the analysis is restricted to the “common support”, 
as only units sharing the same characteristics with at least one member of the other 
group enter the analysis. 

� Stratification: we separately analyse different groups based on specified values of the 
propensity score distribution. This way it is possible to compare the mean outcomes of 
immigrants and natives when the characteristics of both of them are respectively more 
associated to immigrants (in the following immigrant-like) or natives (native-like). 

Among the many outcomes of interest that might be analysed, here we mainly focus 
on job separations for 25-54 years old workers. Even if this may appear restrictive in order 
to look at the whole impact of the downturn, there are different good reasons for this 
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choice (the main drawbacks will be discussed in Section 6). First, conditioning on not-too-
young employed people allows us to use information about the current job spell as an 
important indicator of skills and human capital2, together with other individual and 
household information. Second, the definition of the population “at risk” to lose an 
employment is clear both for immigrants and natives, while it is more difficult to define the 
set of people “at risk” to enter employment, especially for immigrants. Third, we limit our 
analysis to age classes when employment is the more common status, especially for men3, 
so that sample sizes are enough for many analyses of interest, while this is not true for 
other initial conditions. Fourth, the characteristics of recent migration in Italy ensure that in 
this framework immigrants are well defined as those born outside Italy, as there are very 
few adult second-generation immigrants4. 

Consequently, the main features of our empirical strategy are as follows: 
� the population of interest is the stock of 25-54 years old workers employed at a time t0; 
� the “outcomes” regard different aspects of the working status at a subsequent time t1; 
� the interest is on differences in the outcomes between natives and immigrants, both 

marginally and conditional on observed characteristics in t0; 
� the main focus is on how these results change with different definitions of t0, especially 

before and after the economic downturn. 
 
3. Data and descriptive statistics 
 

We use short panels from subsequent waves of the labour force survey Rilevazione 
Continua delle Forze di Lavoro (RCFL) by Istat, the Italian National Statistical Agency. 
By exploiting the longitudinal feature of RCFL, each individual is interviewed four times 
within a 15 months window. 

The main strategy of the paper fully exploits three-month panels: X variables are 
measured in t0, while outcomes are observed in t1 after 3 months. Thus, we only need to 
link 2 waves for each individual, and this is potentially possible for half of the original 
samples5. In order to analyse the effects of the downturn, we compare two pooled samples, 
made up of all workers in t0 whose outcomes in t1 are respectively observed in 2007 and 
20096. The two samples are meant to represent periods before and after the beginning of 

                                                           
2 As an example, Dustmann et al. (2010) are not able to explain all observed differences in unemployment 
rates between immigrants and natives. This may be due to an incomplete measure of workers’ skills. The 
same applies to all papers using the employment status as an outcome, as Wheatley Price (2001). 
3 According to Husted et al (2001), for men this also has the advantage of interpreting all results from a 
demand point of view, as the supply side should be positive for almost all adult men. 
4 On the other side, there are also very few Italian citizens who were born abroad and then returned to Italy. 
A more general discussion about possible alternative definitions of immigrants is in Section 6. 
5 The lack of information about 2010 does not allow us to use prospective data about the employment status 
one year after the outcomes here analysed. 
6 Non-random attrition could be a potential source of bias if reasons for exiting the sample are different for 
immigrants and natives, as in presence of selective return migration. Preliminary results show overall attrition 
rates about 10% for both immigrants and natives, and the main evidence in the following is not changing 
qualitatively when considering attrition as an additional outcome. Thus, we only consider units observed in 
both waves. 
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the downturn. For each yearly sample we pool all non-overlapping 3-months panels, so 
that we may use data about all 52 weeks in each year. 

The selection of the population of interest is firstly related to the status in t0, as the 
definition of the flows of interest clearly depends on who is working in the first wave. 
Table 1 shows sample size and status in t0 for the two samples7. As already stressed, the 
analysis is limited to workers aged 25-54 and always stratified by gender. 
 
Table 1: Sample size (25-54) and status in t0, by gender, year and immigrant status 
 2007 2009 
 Immigrants Natives Immigrants Natives 
Men N % N N % % N % 
N 4,077 100.0 53,471 100.0 5,487 100.0 49,979 100.0 
Employed 3,698 90.70 46,435 86.84 4,732 86.24 42,407 84.85 
Unemployed 156 3.83 1,987 3.72 362 6.60 2,307 4.62 
Out of Labour Force 223 5.47 5,049 9.44 393 7.16 5,265 10.53 
 Immigrants Natives Immigrants Natives 
Women N % N N % % N % 
N 5,064 100.0 55,691 100.0 6,635 100.0 51,930 100.0 
Employed 2,766 54.62 33,011 59.28 3,573 53.86 30,902 59.51 
Unemployed 364 7.19 2,457 4.41 488 7.35 2,490 4.79 
Out of Labour Force 1,934 38.19 20,223 36.31 2,574 38.79 18,538 35.70 

 
Sample sizes confirm the increase in the share of immigrants in the Italian 

population, both for men and women. As regards the employment status, the evidence is 
very different by gender. Male immigrants are markedly more employed than natives8, but 
they also suffer a greater reduction in the employment rate from 2007 to 2009 (4.5% vs. 
2%). This is associated to an inversion of the ranking for the unemployment rate 
(calculated as unemployed/labour forces): in 2007 it was 4.0% for immigrants, 4.1% for 
natives, while in 2009 it rises respectively to 7.1% vs. 5.2%. 

Female immigrants, on the other side, are less employed (about 5%) than native 
ones, and their unemployment rates are much higher. Unlike what observed for men, 
women face only minor changes during the period here analysed both for employment 
rates (-0.8% for immigrants, +0.2% for natives) and unemployment rates (11.6% vs. 6.9% 
in 2007; 12.0% vs. 7.5% in 2009). 
 
3.1 Transitions from employment 
 

As already discussed, the main strategy of the paper is to restrict our attention to 
workers who are employed in t0. First interesting descriptive evidence is their employment 
status in t1, thus 3 months after t0 (Table 2). As regards men, in 2007 immigrants are more 
likely to leave the employed status, with a difference of 0.9% which is entirely due to 
                                                           
7 The whole evidence is essentially the same whether we use or not sampling weights. Thus, for the sake of 
clarity and simplicity results in the following are always presented unweighted. 
8 Here and after, the main characteristics of immigrants before the downturn from RCFL are essentially the 
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transitions to unemployment, while the probability of getting out of the labour force is the 
same for both groups9. After the downturn, conditions are worsening for both natives and 
immigrants, but to a higher extent for the latter ones, with the difference rising to 1.4%. 
Specifically, the probability to move to unemployment is about 0.5% higher for both 
groups, while exits from the labour force are increasing only for immigrants. 

The evidence is again different for women. First, overall transition rates are much 
higher than those observed for men, but this is almost exclusively due to exits from the 
labour force, which are more than double for female workers. Turning to differences by 
immigrant status, native women are about 2% more stable than immigrant ones, with lower 
transitions to both unemployment and out of the labour force. These figures are similar 
before and after the downturn, having the only apparent effect of a lower exit rate out of 
the labour force for native women10.  

 
Table 2: Employment state in t1 (%) for those employed in t0, by gender, year and immigrant status 
  2007 2009 
 Outcome Imm. Native Imm. Native 
Men N. 3,698 46,435 4,732 42,407 
 Employed 96.73 97.63 95.80 97.24 
 Unemployed 1.76 0.77 2.24 1.20 
 Out of Labour Force 1.51 1.60 1.96 1.56 
Women N. 2,766 33,011 3,573 30,902 
 Employed 92.91 95.01 93.37 95.33 
 Unemployed 2.10 0.91 1.93 1.25 
 Out of Labour Force 4.99 4.08 4.70 3.42 

 
3.2 Observed characteristics and outcomes 
 

Together with their immigrant or native status, transition probabilities depend on 
many characteristics of the workers themselves, of their households as well as of working 
histories, which may be used as a proxy for human capital. Observed variables useful for 
the following analysis are in Tables A1 to A5 in Appendix A. Here is a summary list:  
• age and geographical area; 
• level of education (also if student or not, or left school recently); 
• household characteristics (number of members by age brackets, number of employed 
and unemployed, education levels); 
• characteristics of the job held in t0 (type of job and contract, sector, firm size, tenure); 
• labour market state one year before t0 and overall lifetime experience. 

                                                                                                                                                                                
same observed in literature from administrative data. See Faini et al. (2009) as an example. 
9 As we will see in the following section, this is the only non-significant difference between immigrants and 
natives in the whole Table 3. 
10 According to Papademetriou et al. (2010), these gender differences are common in almost all wealthy 
countries. Women may be less likely to leave the labour forces in order to compensate for household 
members’ lost incomes. 
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Tables A1 to A4 show the distribution of most variables by immigrant status and 
gender. Almost all differences between immigrants and natives are statistically significant 
at the 1% level. Here we just outline the differences by immigrant status that will be useful 
for the interpretation of the main results. 

Compared to natives, immigrants are more concentrated in the North-East of Italy, 
less in the South. They are younger and slightly less educated11. As for the household 
structure, they are more living alone (or, for men, in large households with young 
children), they are much more often widowed or divorced and much less son (or 
descendent) of the head of the household12. In immigrant households there are also fewer 
elders, less educated, less employed and more unemployed people (the last one only for 
men). 

As regards job characteristics, immigrants are strongly concentrated in blue-collar 
employment, they are much less white-collar and also less self-employed than their native 
colleagues. They are more employed in small firms involved in specific sectors 
(construction for men, private services for women), much less employed in the public 
sector. They have less tenure and total work experience when compared to natives, and 
they were also less employed one year before the survey. 

As outcomes of interest, we primarily use transitions already described in Section 
3.1 (transition to unemployment and out of the labour force), but with some additional 
detail. First, we define as “Not employed” the sum of the previous ones (thus this is the 
complement of Employed in Table 2). As almost all of them declare the separation to be 
involuntary, and the range chosen for age precludes transition to pensions, we may expect 
this outcome to have a “negative” connotation. 

Additionally, we also look at separations which took to (at least) a new employment 
spell during the three-month window. We define “New job” an employment spell observed 
in t1 which begun after the previous interview in t0. Thus, the worker is still employed, but 
there has been (at least) a separation. Finally, we get to a Separation rate by adding 
workers who are no more employed to workers who have a new job. Obviously, this has to 
be analysed more as a “mobility” outcome, which has not necessarily a negative 
connotation. The combination of these outcomes may help to better understand the 
dynamics at play. 

 
4. Propensity score matching 
 

Results in Section 3 roughly compare some outcomes of interest between 
immigrants and natives. We now turn to the estimation of conditional differences using the 
first strategy outlined in Section 2: we balance the two groups with respect to the set of 
observable characteristics presented in Section 3.2, using also the additional outcomes 
there described.  

                                                           
11 As education is difficult to compare for immigrants, Istat reconstructs it essentially by means of years of 
schooling. Even if with this caution, the observed differences are much lower than expected (see Table A1). 
12 This is also due to the adult age chosen for the analysis. 
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Tables 3 and 4 present the results of the propensity score matching respectively for 
men and women13. For each outcome average differences between immigrants and natives 
are estimated before and after the matching procedure, and the same strategy is applied 
before and after the downturn. A graphical representation of the distribution of the 
propensity scores for all groups is in Appendix B14. 
 
Table 3: Average outcomes in t1 (%) for those employed in t0, by year and immigrant 
status: matched and unmatched estimates for men 

Men 2007 
Outcome Sample Imm. Natives Diff. S.E. t-stat. Signif. 

Unmatched 1.76 0.77 0.99 0.16 6.29 *** 1. Transition 
to Unemp. Matched 1.73 1.52 0.21 0.31 0.68  

Unmatched 1.51 1.60 -0.09 0.21 -0.40  2. Transition 
to OLF Matched 1.49 1.76 -0.27 0.31 -0.87  

Unmatched 3.27 2.37 0.90 0.26 3.41 *** 3. Not empl. 
(1+2) Matched 3.22 3.28 -0.06 0.43 -0.14  

Unmatched 3.05 1.35 1.70 0.21 8.27 *** 4. New job 
Matched 2.83 2.14 0.69 0.38 1.80 * 
Unmatched 6.32 3.72 2.60 0.33 7.85 *** 5. Separated 

(3+4) Matched 6.05 5.42 0.63 0.57 1.10  
Unmatched 3,698 46,435     N. 
Matched 3,359 3,359     

Men 2009 
Outcome Sample Imm. Natives Diff. S.E. t-stat. Signif. 

Unmatched 2.24 1.20 1.04 0.17 5.96 *** 1. Transition 
to Unemp. Matched 2.18 2.21 -0.03 0.33 -0.08  

Unmatched 1.96 1.56 0.40 0.19 2.10 ** 2. Transition 
to OLF Matched 1.86 1.93 -0.07 0.30 -0.24  

Unmatched 4.20 2.76 1.44 0.26 5.60 *** 3. Not empl. 
(1+2) Matched 4.04 4.14 -0.10 0.44 -0.22  

Unmatched 2.18 0.88 1.30 0.15 8.45 *** 4. New job 
Matched 2.06 1.81 0.25 0.31 0.81  
Unmatched 6.38 3.64 2.74 0.30 9.21 *** 5. Separated 

(3+4) Matched 6.10 5.95 0.15 0.53 0.28  
Unmatched 4,732 42,407     N. 
Matched 4,032 4,032     

Note: *** 1%; ** 5%; *10%. 
 
 

                                                           
13 We used the psmatch2 Stata program (Leuven and Sianesi, 2003) trying with different matching methods 
for a sensitivity analysis. Results presented here use caliper matching with bandwidth .001, keeping into the 
analysis only units within the common support. Thus, also some immigrants are deleted for the estimation if 
they do not find a close match. 
14 The RCFL rotating sample scheme allows us to observe half of the panel before t0. As an example, 2 years 
before t0 immigrants were significantly less employed, much less self-employed and had more temporary 
contracts than their native colleagues. Nevertheless, after balancing for observed characteristics X all these 
differences become non-significant, thus strengthening our strategy to control for past histories when 
comparing the future behaviour of the two groups. 
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Table 4: Average outcomes in t1 (%) for those employed in t0, by year and immigrant 
status: matched and unmatched estimates for women 

Women 2007 
Outcome Sample Imm. Natives Diff. S.E. t-stat. Signif. 

Unmatched 2.10 0.91 1.19 0.20 6.06 *** 1. Transition 
to Unemp. Matched 1.89 1.34 0.55 0.37 1.49  

Unmatched 4.99 4.08 0.91 0.39 2.30 ** 2. Transition 
to OLF Matched 5.37 6.17 -0.80 0.68 -1.18  

Unmatched 7.09 4.99 2.10 0.44 4.80 *** 3. Not empl. 
(1+2) Matched 7.26 7.51 -0.25 0.76 -0.33  

Unmatched 2.82 1.48 1.34 0.25 5.43 *** 4. New job 
Matched 2.47 2.60 -0.13 0.46 -0.28  
Unmatched 9.91 6.47 3.44 0.50 6.94 *** 5. Separated 

(3+4) Matched 9.73 10.11 -0.38 0.87 -0.44  
Unmatched 2,766 33,011     N. 
Matched 2,384 2,384     

Women 2009 
Outcome Sample Imm. Natives Diff. S.E. t-stat. Signif. 

Unmatched 1.93 1.25 0.68 0.20 3.36 *** 1. Transition 
to Unemp. Matched 1.76 2.12 -0.36 0.37 -0.98  

Unmatched 4.70 3.42 1.28 0.33 3.93 *** 2. Transition 
to OLF Matched 5.16 5.16 0.00 0.60 0.00  

Unmatched 6.63 4.67 1.96 0.38 5.16 *** 3. Not empl. 
(1+2) Matched 6.92 7.28 -0.36 0.69 -0.53  

Unmatched 2.43 0.95 1.48 0.18 8.04 *** 4. New job 
Matched 2.37 1.57 0.80 0.38 2.14 ** 
Unmatched 9.06 5.62 3.44 0.42 8.24 *** 5. Separated 

(3+4) Matched 9.29 8.85 0.44 0.78 0.56  
Unmatched 3,573 30,902     N. 
Matched 2,733 2,733     

Note: *** 1%; ** 5%; *10%. 
 

The overall evidence is that matching always reduces the differences between the 
two groups, and in almost all cases these turn out not to be significant. Thus, the significant 
differences observed in the unmatched samples (or equivalently in Table 2) are only 
related to different observable characteristics of the workers, while if we only consider 
native workers who are similar to immigrant ones the average differences disappear. 

Going into deeper details, Table 3 confirms for male workers the highly significant 
difference between the probabilities of transition to the “Not employed” status for the two 
unmatched treatment groups (0.9% in 2007, 1.4% in 2009). On the contrary, after the 
matching procedure the difference turns out to be negligible (and even slightly negative) in 
both years. This evidence is also true for both transitions to unemployment and out of the 
labour force. 

In order to better understand why this happens, sticking to the 2009 example, 
among the 42,407 natives involved in the analysis the average transition rate is 2.76%, but 
this figure jumps to 4.14% when we limit our attention to the 4,032 natives who are closer 
to their immigrant colleagues with respect to the whole bunch of observable 
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characteristics. A similar selection acts for immigrants, but here the difference between 
matched and unmatched samples is much smaller (4.20 vs. 4.04), as more than 85% 
immigrants find a close match among natives. 

Adding new evidence, we now look at job-to-job transitions and total separations. 
In 2007 the probability to leave a job and find a different one (“New job” in Table 3) is 
more than double for immigrants when compared to natives. After the matching, the 
difference is much smaller and only significant at the 10% level. In 2009 both groups are 
affected by the downturn, but the reduction in job mobility is stronger for immigrants, so 
that the differences are smaller and become not significant for the matched samples. 

Finally, adding all kind of transitions we get to separation rates. The more 
interesting evidence is that separation rates are changing very few from 2007 to 2009 both 
for immigrants and natives. Thus, the probability of ending an undergoing job spell during 
the following three months is not changing with the downturn. The true worsening is about 
the probability of finding a new job once the previous one has ended. Even if with some 
differences, this evidence is consistent in both treatment groups: as for all other outcomes, 
both in 2007 and 2009 the differences in total separation rates are significant on the whole 
sample, not significant after the matching. 

Turning to women, the main differences for unmatched samples have already been 
outlined in Section 3. The matching procedure confirms what observed for men, so that 
almost all differences between female immigrants and natives disappear once we control 
for observed characteristics. The only different evidence from Table 4 is about job-to-job 
transitions, which in absolute terms are close to those observed for men, but represent a 
much smaller part of overall transitions. The reduction in mobility from 2007 and 2009 is 
stronger for natives than for immigrants, and the difference between matched samples 
becomes significant after the downturn. As for men, however, the differences in total 
separation rates turn out to be not significant for matched samples. 
 
5. Stratification by propensity score 
 

So far the main results show that “marginally” immigrants have a higher probability 
of transition from employment when compared to native workers, but the “conditional” 
probabilities taking into account observable heterogeneity are not statistically different. 
This hints to a different composition of the two groups with respect to observable 
characteristics which have a strong relation with the outcomes of interest. 

As seen in Section 2, the basic idea of the paper is to concentrate all the different 
characteristics of immigrants and natives in a single number, the propensity score, which 
represents the “propensity” to be immigrant given the observed variables. A simple way to 
show how these variables are related to transition probabilities is to stratify the samples by 
groups sharing similar propensity scores. 

As an example, in the following we divide each group in three classes characterised 
by the following levels of the propensity score p15: 
                                                           
15 For a visual interpretation of this stratification, in Figures B1 to B4 the classes respectively correspond to 
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• Low (<10%): this class is made of most natives and of those immigrants who are native-
like with regard to observed characteristics X. 

• Medium (10-30%): this is the intermediate class sharing characteristics of both 
immigrants and natives. 

• High (>30%): this class is made of natives and immigrants who are immigrant-like with 
regard to observed characteristics X. 

Table 5 and Figure 1 present the probability of transition out of employment (“Not 
empl.” in Tables 3 and 4) stratified by p-score class. First interesting results emerge if we 
look at the “Overall” column in Table 5 and the related solid lines in Figure 1, where 
transition rates are estimated without taking into account the true immigrant/native status 
of each worker. The clear evidence is that immigrant-like workers have always higher 
probabilities of losing their job than native-like ones, independently of their true immigrant 
status. 

In 2007 male “High” workers have a double transition rate than their “Low” 
colleagues, while for women the ratio in even higher. Interesting results emerge when 
looking at the same figures in 2009. For male workers, the worsening is very small (from 
2.14 to 2.35) for native-like ones, while it grows together with the propensity score. Thus, 
higher transition rates observed after the downturn seem to be mostly referred to workers 
with characteristics similar to immigrant ones16. The evidence is mirror reversed for 
women. As we already saw, the average transition rates are slightly lower in 2009 than in 
2007, but even in this case the effect of the downturn is stronger for high propensity scores. 

Finally, jointly looking at propensity scores and true immigrant status we may have 
a look at possible heterogeneous effects of the downturn17. Common evidence from Table 
5 and Figure 1 is that the observed relationship between transition rates and propensity 
scores is stronger for natives than for immigrants. Specifically, immigrant-like natives are 
always much more involved in transitions than other workers, even when compared to 
immigrants themselves. On the contrary, differences between “Low” and “High” 
immigrants are smaller, so that their transition probability is less related to observable 
characteristics. 

This evidence is particularly clear for men before the downturn, with negligible 
differences in the transition rates of immigrants from the 3 p-score classes. On the 
contrary, their native colleagues show an increase from 2.10% for the “Low” class to 
4.75% for the “High” class. This also takes to a significant difference by immigrant status 
for small values of the p-score, indicating that male native-like immigrants face worse 
conditions than their native colleagues. This effect is disappearing after the downturn, 

                                                                                                                                                                                
the first two bars from the left (Low), bars 3 to 6 (Medium) and other bars on the right (High). 
16 As an example, blue collars, and/or workers in construction or from small firms are more hit by the 
downturn, independently of being immigrant or not. However, immigrants are on average more involved in 
transitions because they are more present in that kind of jobs. 
17 Note that propensity score related estimators have usually good properties to estimate average “effects”, 
while their properties for heterogeneous impacts are still methodologically debated. Thus, the results here 
outlined have to be taken as purely descriptive. Nevertheless, they are useful to concentrate in few numbers 
the overall multivariate evidence. 
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when also for immigrants we begin to observe different conditions by p-score classes: 
native-like immigrants show diminishing transition probabilities, while all immigrant-like 
workers have worse probabilities, and this is stronger for immigrants. 

As already seen, the situation is much different for women. In 2007 the strong 
overall difference by p-score classes is affecting also immigrants, but it is stronger for 
natives, taking to significantly worse conditions for immigrant-like native women when 
compared to their immigrant colleagues. As before, the effect of the downturn is opposite 
when compared to what observed for men. Within the “Low” p-score class, transition rates 
are increasing for immigrants, slightly decreasing for natives, taking to a significantly 
worse condition for female native-like immigrants. For the higher p-score categories, the 
impact of the downturn is positive and stronger for natives, so that the observed differences 
are lower than in 2007, even if still significant for the “High” class. 
 
Table 5: Sample size and transition to non-employment (%), by p-score, gender, year and immigrant status 

Men 2007 
p-score Overall Immigrants  Natives Diff. S.E. t-stat. Signif. 

37,739 1,151 36,588     Low 
0 < p<.1 2.14 3.48 2.10 1.38 0.43 3.18 *** 

10,716 1,627 9,089     Medium 
.1 < p < .3 3.26 3.13 3.28 -0.15 0.48 -0.30  

1,678 920 758     High 
.3 < p < 1 3.93 3.26 4.75 -1.49 0.95 -1.56  

Men 2009 
p-score Overall Immigrants  Natives Diff. S.E. t-stat. Signif. 

31,585 1,018 30,567     Low 
0 < p<.1 2.35 2.95 2.33 0.62 0.48 1.29  

11,563 1,595 9,968     Medium 
.1 < p < .3 3.70 4.45 3.58 0.87 0.51 1.71 * 

3,991 2,119 1,872     High 
.3 < p < 1 5.06 4.62 5.55 -0.93 0.70 -1.34  

Women 2007 
p-score Overall Immigrants  Natives Diff. S.E. t-stat. Signif. 

27,089 923 26,166     Low 
0 < p<.1 3.98 4.55 3.96 0.59 0.65 0.91  

7,163 1,007 6,156     Medium 
.1 < p < .3 8.40 7.94 8.48 -0.54 0.94 -0.57  

1,525 836 689     High 
.3 < p < 1 10.69 8.85 12.92 -4.07 1.59 -2.56 ** 

Women 2009 
p-score Overall Immigrants  Natives Diff. S.E. t-stat. Signif. 

23,964 831 23,133     Low 
0 < p<.1 3.90 5.41 3.84 1.57 0.68 2.30 ** 

7,396 986 6,410     Medium 
.1 < p < .3 6.90 7.71 6.77 0.94 0.87 1.08  

3,115 1,756 1,359     High 
.3 < p < 1 7.58 6.61 8.83 -2.22 0.96 -2.33 ** 
Note: *** 1%; ** 5%; *10%. 
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Figure 1: Transition to non-employment (%), by propensity score, gender, year and immigrant status 
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6. Conclusions and discussion 
 

This paper analyses the effects of the recent economic downturn on differences 
between immigrants and natives in Italy. Data before the downturn show that employed 
immigrants have a higher probability of ending their job spell and of becoming 
unemployed when compared to natives, but the average differences disappear when we 
only consider natives sharing the same observed characteristics X with immigrants, with 
respect to individual demographics, household characteristics and job characteristics. 
Nevertheless, if we do not consider only average outcomes, there is still some unexplained 
difference when we stratify by groups, with strong differences on how X influences the 
outcomes themselves: the probability of ending a job spell is much more related to X for 
natives than for immigrants, and this is especially true for men. 
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How is this evidence changing after the downturn? First of all, on average the 
probability of exiting from employment is increasing for men, but it is decreasing for 
women, and the sign of the effect is the same for immigrants and natives. Thus, the 
analysis about the effect of the downturn and its interpretation has to be stratified by 
gender. 

As regards men, the negative effect is stronger for immigrants than for natives, so 
that the observed differences by immigrant status are higher after the downturn. 
Nevertheless, when considering only similar workers with respect to X the average 
differences still disappear. Why is this happening? Clear evidence comes by stratifying by 
propensity score, which is the probability of being immigrant given X: immigrant-like 
workers face the worst effects of the downturn, independently of their true immigrant 
status, while for native-like workers the average effect is negligible, and even positive for 
immigrants. As an example for an intuitive interpretation, this means that industries more 
characterised by male immigrant labour forces, as construction, are more hit by the 
downturn.  

The evidence for women is opposite. The overall reduction in separation rates is 
stronger for immigrants, so that the differences with natives are slightly lower after the 
downturn. However, again, differences by immigrant status become not significant after 
matching on X. Looking at the stratification by p-score, as observed for men the stronger 
effects are for immigrant-like workers, but in this case this goes in the direction of a lower 
probability of losing the job. Thus, again as an example, industries more characterised by 
female immigrant labour forces, as private social services, are less hit by the downturn. 

As a tentative conclusion, if we stick to the probability of ending an ongoing job 
spell, the widespread idea of a stronger negative effect of the recent economic downturn 
for immigrants is valid on average only for male workers. For women, the effect of the 
downturn seems to be slightly positive and the differences by immigrant status are not 
much affected. But the more important result is that, on average, almost all the observed 
differences between immigrants and natives may be explained by means of observable 
characteristics. Thus, the different impact of the downturn for the two groups is mostly due 
to their characteristics, while there does not seem to be any kind of “discrimination” once 
we compare two workers who are exactly the same with the only exception of being 
immigrant or not. This is true both before and after the downturn and for men and women. 

As seen from the literature, it would be important to check whether these results are 
different with regard to some important characteristics of immigrants, as area of birth, 
citizenship, length of stay in Italy. As an example, Dustmann et al. (2010) show that it is 
important to control for immigrants who entered a country over different business cycles. 
Preliminary analyses show a general robustness of the main evidence of the paper with 
different definitions of the population of interest: (a) similar results are obtained when only 
considering workers without Italian (or EU) citizenship; (b) stratification by area of birth 
shows different levels of the outcomes, but differences always disappear after the matching 
procedures, thus this seems to be again a composition effect, with immigrants from 
different areas having specific characteristics that determine their transition probabilities; 
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(c) similar evidence is observed by different length of stay in Italy. A more detailed 
analysis of these aspects is left for future work. 

Finally, these results are only looking at one part of the tale, as they limit their 
attention to regular immigrants who are already employed in Italy. A more comprehensive 
analysis is needed by looking at the overall flows in and out of Italy and its labour market, 
and at the impact of downturns on irregular workers. In a period in which in many 
developed countries immigrants are seen as one of the main reasons of the worse 
conditions of natives, political restrictions to their immigration or regularisation may have 
long-term effects on the overall presence of immigrants and their impact on local labour 
markets. Unfortunately, this analysis would ask for a much better comprehension of the 
dynamics of worldwide labour forces. Specifically, flows in and out of the Italian labour 
market may potentially involve the whole planetary market, especially as regards the 
definition of the set of (even potential) workers “at risk” of entering the national market. 
As data covering all these aspects are currently not available, the strategy of this paper is to 
reduce the questions of interest to those which reasonably may be empirically answered. 
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Appendix A: covariates for the propensity score specification, all employed in t0 
 
Table A1: Distribution of personal characteristics by gender, year and immigrant status 
 Men 2007 Men 2009 Women 2007 Women 2009 
Variable Imm.  Natives Imm.  Natives Imm. Natives Imm. Natives 
North-West 28.6 27.2 31.2 27.5 27.9 30.3 29.9 30.6 
North-East 29.9 21.7 29.4 21.2 29.9 24.8 29.0 24.1 
Centre 16.6 15.4 19.3 16.4 18.1 16.7 20.9 17.6 
South 18.8 24.9 14.6 24.0 18.7 19.4 15.3 18.8 
Islands 6.1 10.8 5.5 10.9 5.4 8.7 4.9 8.9 
Age 25-29 15.3 12.9 15.3 11.8 15.1 13.5 15.6 12.3 
Age 30-34 20.4 15.4 19.3 14.7 20.4 16.5 18.6 15.7 
Age 35-39 24.0 18.6 22.6 18.4 22.5 19.0 21.8 18.6 
Age 40-44 20.6 20.5 21.9 20.7 19.3 20.2 18.9 20.7 
Age 45-49 13.0 18.7 13.8 19.7 15.4 18.1 16.3 19.4 
Age 50-54 6.7 13.9 7.1 14.7 7.3 12.7 8.8 13.3 
Graduate 9.3 12.4 8.6 13.3 18.3 20.2 17.1 22.5 
High school 42.0 43.2 42.5 44.5 46.4 49.7 49.8 49.6 
Lower 48.7 44.4 48.5 42.2 35.3 30.1 33.1 27.9 
Never married 21.7 29.2 21.2 30.2 23.2 25.8 23.4 26.9 
Married 67.2 66.2 65.9 64.3 56.3 64.7 51.1 62.7 
No more marr. 11.1 4.6 12.9 5.5 20.5 9.5 25.5 10.4 
Son/descendent 6.8 20.6 5.2 19.8 5.0 16.7 4.2 16.4 
 
Table A2: Distribution of household characteristics by gender, year and immigrant status 
 Men 2007 Men 2009 Women 2007 Women 2009 
Variable Imm.  Natives Imm.  Natives Imm. Natives Imm. Natives 
1 component 16.9 7.7 18.4 9.2 18.2 6.9 22.4 7.6 
2 components 14.2 13.6 14.1 14.2 21.6 18.3 21.8 19.4 
3 components 24.0 30.2 24.2 30.1 25.3 31.9 24.0 32.0 
4 components 29.9 37.0 28.2 35.8 25.3 33.7 23.3 32.5 
5 or more comp  15.0 11.5 15.1 10.7 9.6 9.2 8.5 8.5 
Age <15 y/n 52.9 45.5 52.0 45.0 44.5 42.1 41.5 42.0 
Age >64 y/n 5.0 12.4 4.4 12.0 5.8 10.8 5.9 10.9 
1 more empl. 37.7 47.4 36.4 47.4 55.9 63.2 51.6 62.9 
2+ more empl 8.1 10.4 7.8 9.1 9.8 13.3 9.1 11.4 
Unempl. y/n. 7.6 5.6 8.0 5.9 4.1 4.0 6.3 4.8 
Other grad. y/n 9.3 13.6 9.5 14.9 9.3 15.1 9.2 15.5 
Other hsch. y/n 37.8 49.0 37.7 48.5 39.7 49.2 39.3 48.7 
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Table A3: Distribution of job characteristics by gender, year and immigrant status 
 Men 2007 Men 2009 Women 2007 Women 2009 
Variable Imm.  Natives Imm.  Natives Imm. Natives Imm. Natives 
Blue collar 66.1 37.4 70.9 38.3 61.5 29.1 68.5 27.8 
White collar 9.8 25.2 8.2 26.0 21.3 46.9 18.6 48.4 
Executive 2.6 7.9 2.2 7.6 2.6 7.0 1.8 7.2 
Self-empl. 21.5 29.5 18.7 28.1 14.6 17.0 11.1 16.6 
Large firm 21.8 27.6 19.7 27.9 19.3 28.9 18.3 28.3 
Agriculture 5.0 4.9 5.9 4.8 3.4 3.7 3.0 3.2 
Industry 30.9 26.2 30.4 26.2 14.9 15.9 13.2 14.8 
Construction 21.8 12.5 24.0 12.4 0.5 1.2 0.5 1.3 
Private serv. 5.1 3.8 5.2 4.0 27.5 6.7 33.5 6.9 
Public serv. 5.5 15.4 4.1 15.2 18.9 34.7 17.0 35.2 
Commerce 12.7 14.5 11.8 14.6 10.1 15.2 8.8 14.6 
Oth. serv. 19.0 22.7 18.6 22.8 24.7 22.6 24.0 24.0 
Tenure <=2ys. 25.2 14.7 23.0 13.8 32.3 18.6 33.6 17.9 
Tenure 3-5 31.3 16.0 31.2 15.7 32.0 17.9 31.9 17.8 
Tenure 6-10 22.9 20.6 27.2 20.4 19.2 21.2 21.5 21.4 
Tenure 11-20 15.3 27.6 14.4 28.2 11.5 24.6 9.2 25.0 
Tenure >20ys. 5.3 21.1 4.2 21.9 5.0 17.7 3.8 17.7 
 
Table A4: Distribution of past work history characteristics by gender, year and immigrant status 
 Men 2007 Men 2009 Women 2007 Women 2009 
Variable Imm.  Natives Imm.  Natives Imm. Natives Imm. Natives 
Worked <=5 ys 8.5 5.7 6.1 5.1 16.0 9.5 14.0 8.9 
Worked 6-10 14.5 10.3 15.8 10.0 18.2 13.5 20.7 12.9 
Worked 11-20 38.0 29.4 38.2 28.5 32.0 31.1 29.9 30.9 
Worked 21-30 29.7 35.2 29.3 35.8 24.6 30.7 25.3 31.6 
Worked >30 ys 9.3 19.4 10.6 20.6 9.2 15.2 10.1 15.7 
Last yr empl. 94.2 95.3 94.8 96.3 88.0 91.6 89.3 93.1 
Last yr self-em. 19.1 27.1 17.3 27.2 12.1 15.4 9.7 15.6 
Last yr unemp. 4.9 3.7 4.6 2.9 6.7 4.6 6.5 3.8 
 
Table A5: Other variables included in the propensity score specification 
Description 
Quarter of the sample 
Student condition (still student, ended studies recently)  
More details about firm sector 
More details about firm size and number of plants 
Type of contract (temporary, part-time) 
On-the-job search 
More details about past working histories 
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Appendix B: propensity score distributions 
 
Figure B1: p-score distribution for matched immigrants (Treated: On support), unmatched immigrants 
(Treated: Off support) and natives (Untreated): men in 2007 
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Figure B2: p-score distribution for matched immigrants (Treated: On support), unmatched immigrants 
(Treated: Off support) and natives (Untreated): men in 2009 
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Figure B3: p-score distribution for matched immigrants (Treated: On support), unmatched immigrants 
(Treated: Off support) and natives (Untreated): women in 2007 
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Figure B4: p-score distribution for matched immigrants (Treated: On support), unmatched immigrants 
(Treated: Off support) and natives (Untreated): women in 2009 
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